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ABSTRACT

As part of power facility management, KEPCO visually checks images collected by drones and diagnoses
facility conditions. In this paper, a model for diagnosing OPGW conditions, a major facility in the power ICT
field, was proposed based on image data collected by drones, and a real-time operation system was designed.
The performance of the proposed diagnostic model was more than 95% accurate and improved by more than
four times compared to visual inspections. In addition, the facility operating system, which was managed
offline, improved the efficiency of operation management by collecting, storing, and diagnosing data in
connection with the video infrastructure.
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Table 1. Facility subject to OPGW condition diagnosis
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Table Result
1% Test 2" Test 3 Test
Ttem (100 pylon) (286 pylon) (1640 pylon)
Recall Accuracy Recall Accuracy Recall Accuracy
Clamp detection abnormality 91.7% 99.4% 86.5% 97.3% 96.0% 99.3%
Armor Rod unwound 100% 98.7% 74.3% 98.6% 95.0% 99.6%
Average 95.9% 99.1% 80.4% 98.0% 95.5% 99.5%
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